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Introduction




Introduction

Conversational AI(CA) agents
(Amazon Alexa: XFAHE AIE0IH AE S
AT 22|, Amazon Chatbot: 1028 A H| A0
AE)
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Introduction

“Therefore, the design, modelling, and
implementation of effective and trusted
proactive dialog is a delicate task.”

— Proactive dialog modellinc= %/ ol
Reinforcement Learninc = 22 6 A}
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Related Work

Proactive Conversational Al

LHO

o
)

110

KIr

Ol
LHO

r
I9)

i

<

o)
<0
o0
_ln_

10

ol

| EtOIY

ol

LHO

=5
110

&r
ar
=T

_l

.l

2 &N Al

Kk

10 =

LH

040

&0l Ab

Ml

[ ]
—

0[0

X, 854 x)

Z=
=/

ato=ztt 248 (252 JIU =

i

0




Trust: HIO|NMEJF JoI9) EHEZE S 4ol= == = H0/2tF
Related Work B =

Human-Computer Trust’
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Suggestion

Socially-aware RL based dialog management




Simulated Proactive Dialog Environment
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Figure 1: Components and information flows of the simulated RL-based proactive dialog environment.




Dialog Game
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Proactive Dialog Agent
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Simulated Proactive Dialog Environment
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Figure 1: Components and information flows of the simulated RL-based proactive dialog environment.




Simulated User
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Simulated User

te| At Userlt HH A AES & )f?

12
[

f

2

ArE AL CH

ot Al=dI0lEIE T
ANEXIS 48,28, Il &

o

al 2|

(]
et

o 90 o0
ao 110 n._Auo
O Mr o
ez U
00 O3 1Y
= <k Hl
10 ol =<
30 B0 040
On =<

JSON, CSV €tz M&

18]

AN=d0olE 2H2Z

He=

H O

At =0l CHo

FALE

2
2l

= 1q
0|y ToF
Ho KJ
70 <4
Ol_ m
Al or
=S
.- 0

*LI
RO —

BEAN Z
Sl




Simulated Proactive Dialog Environment
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Figure 1: Components and information flows of the simulated RL-based proactive dialog environment.




Trust State Model
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Simulated Proactive Dialog Environment
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Figure 1: Components and information flows of the simulated RL-based proactive dialog environment.
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RL-based Proactive Agent
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RL-based Proactive Agent
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RL-based Proactive Agent
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RL-based Proactive Agent

Q-learning Deep-Q-Network
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Results




Evaluation Method

o BItANE: B MEHAEQI M2 B, MEHEQI WHl &5 &

—

O =)
c P B i Iy =

AHE
M2k 2t RHOI0) CHEt ROls AW t2ATS AE, 2HEL BE

Re§ﬁ1lts 1. Trust

o RL-basedDA=E3HMZE =2 B2 A2 gf

e None agent, Rule-based agent2t &= 20| st
X0l S S

Figure 2: Average trust ratings on a 5-point Likert scale per
DA (max indicates maximum value among DA).




Results

Results 2. Task Duration, and Task Success
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Results
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Discussion

Tru St and EfflClency Table 2: Task efficiency, trust, and cooperation scores per
. dialog policy.
Balancing
Policy Task Efficiency  Trust || Cooperation

=t RL-based 0.359 3.10 1.14
« AgentJ} ReactiveE #=5 Trust St e 0,292 318 0.9
° St A2 Notification 0.296 3.01 0.91
AgentJt Proactiveg === Task A e S i
efficiencyJt St Intervention 0.389 2.46 0.97
Rule-based 0.318 3.14 1.05
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Limitation
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Conclusions
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Thanks!

Do you have any questions?
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